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Abstract. In this paper, we introduce and study H-invex functions including the classes of convex, n-invex,
(E, G)-invex, c-strongly convex, @-uniformly convex and superquadratic functions, respectively. Each H-
invex function attains its global minimum at an H-stationary point. For H-invex functions we prove Jensen,
Sherman and Hardy-Littlewood-Pdlya-Karamata type inequalities, respectively. We also analyze such
inequalities when the control function H is convex. As applications, we give interpretations of the obtained
results for uniformly convex and superquadratic functions, respectively.

1. Introduction and Summary

In this paper we propose systematic study of the class of H-invex functions and its subclasses from the
point of view of majorization and weighted majorization. (See below and Section 2 for relevant definitions.)
It is essential for an H-invex function f that an H-stationary point of f is a global minimizer of f.

Our aim is to establish Jensen, Sherman and HLPK type inequalities for H-invex functions. Conse-
quently, we will obtain such inequalities for all classes (i)-(vii) of functions defined in Section 2.

We say that a vector y = (y1, Y2, ..., Yu) € R" is majorized by a vector x = (x1,xp,...,%,) € R", written as

y < x, if
k k
Z]/[i] < Zx[i] fork=1,2,...,n
i=1 i=1

with equality for k = n (see [16, p. 8]). Throughout the symbols x[;; and yy;; stand for the ith largest entry of
x and y, respectively.

By Birkhoff’s and Rado’s Theorems [16, pp. 10,34,162], y < x if and only if y = xP for some n X n doubly
stochastic matrix P.

In the forthcoming theorem we demonstrate Hardy-Littlewood-Pélya-Karamata’s result showing a
relationship between majorization and convexity [15, 16].

Theorem A [15, p. 75], [16, p. 92] (HLPK’s inequality) Let f : I — R be a convex continuous function on an
interval | CR. Let x = (x1,Xx2,...,%,) €"andy = (y1, Y2, ..., yn) € I'".
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Ify < x, then

Y fw <) fen). (1)
k=1 k=1

If f is concave, then the inequality (1) is reversed.
We now present Sherman’s inequality (3) (cf. [22], see also [9, 11, 17]).
Theorem B [22] (Sherman’s inequality) Lef f : [ — R be a convex function defined on an interval I C R. Let
X=(x1,%,...,%m) €™,y =W, Y2,--., Yn) €I",a=(a1,02,...,8,) € RY and b = (b, by, ..., by) € R}
If
y=xP and a=bP’ (2)

for some m X n column stochastic matrix P = (p;;), then
Y bif(y) < ) aif (). 3)
j=1 i=1

If f is concave, then the inequality (3) is reversed.

The relation (2) is called weighted majorization of pairs (x, b) and (y, a) (see [9, 11]).

The paper is organized as follows. In Section 2 we introduce the class of H-invex functions. We also
present its subclasses as convex, n-invex, (F, G)-invex, c-strongly convex, uniformly convex with modulus
@, and superquadratic functions, respectively. Thus Section 2 collects some important examples of H-invex
functions.

In Section 3 we establish some Jensen type inequalities for H-invex functions. Specifications for (F, G)-
invex and n-invex functions are also provided. In Section 4 we deal with Sherman type inequalities for
H-invex functions. We also show corollaries to (F, G)-invex and n-invex functions. As special case, we
demonstrate Hardy-Littlewood-Pélya-Karamata like theorems in Section 5. Sections 6 and 7 are devoted
to applications. Here we interpret the obtained results for uniformly convex and superquadratic functions,
respectively.

We end this summary with the remark that the results obtained for the class of H-invex functions (class
(iv) in the paper) introduced in Section 2 includes all the other results dealt with in this paper.

2. H-invex Functions

We begin with a review of some important classes of functions.
(i). Convex functions.
A function f : I — R defined on a convex set I € R" is said to be convex on I, if for any points x; € I and

scalarsp; 2 0,i=1,...,m, with }, p; = 1 and ¥ = },, pix;, the following Jensen’s inequality holds:
i=1 i=1

f@® <Y pif ). (4)
i=1

It is well known that if f : I — R is a differentiable convex function then (sub)differential inequality holds, as
follows:

f&) = fy) 2(Vfy),x—y) forx,yel, (5)

where the symbol V stands for the gradient, and (:, -) is an inner product on R".
It is a consequence of (5) that each stationary point y € I of f (i.e., Vf(y) = 0) is a global minimizer of f, that
is

f(x) = f(y) forxel.
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(ii). n-invex functions.
Let n: I xI — R" be a continuous function, where I € R" is an (open) convex set. A differentiable
function f : I — R is called n-invex, if forall x, y € I,

f@) = f(y) 2 <Vf(y), n(x, y)) (6)

(see [8, p. 1]).

It follows from (6) that each stationary point y € I of f (i.e., Vf(y) = 0) is a global minimizer of f.

For applications of invex functions in optimization and mathematical programming, see [5, 8, 12, 14, 20].

(iii). (F, G)-invex functions.

Let V be a real linear space, and I, ] C V be two convexsetsin V. Let F: IXI = Jand G: JxI = R
be two continuous functions, where I ¢ R" is a convex set and ] € R". A function f : I — R is said to be
(E G)-invex, if forallx,y € 1,

f() = f(y) 2 Gy(F(x, ), (7)

where G,(z) = G(z,y) for y,z € I.

By virtue of (7), if y € I is a G-stationary point of f (i.e., G,(-) = 0) then f has a global minimum at y.

It is readily seen that an n-invex function is (F, G)-invex for F(x, y) = n(x, y) and G,(-) = (Vf(y),-) with
V=]=R"

(iv). H-invex functions.

Let H : I XxI — R be a continuous function, where I C V is a convex set in a real linear space V. A
function f : I — R is called H-invex, if for all x, y € I,

f) = f(y) = Hy(x), (8)

where H,(x) = H(x, y) for x,y € I.

Similarly as above, if f is H-invex and y € I is an H-stationary point of f (i.e., H,(-) = 0), then f has a
global minimum at y.

Evidently, each (F, H)-invex function is H-invex for H, being the composition G, o F,, i.e.,

H(x,y) = Hy(x) = (G, o F))(x) = G(F(x,y),y) forx,ye€l

We now present some further special cases of the notion of H-invexity.

(v). Uniformly convex functions with modulus ¢.

A function f : I — R defined on a convex set I C V = R" is said to be uniformly convex with modulus
¢ : R, — R, if the following inequality holds for all points x, y € I and p € [0, 1]:

flpx+ (1 =p)y) +p(L = p)ellx — yll) < pfx) + 1 - p)f(y), ©)
where || - || = (-, )/ and (-, -) is the standard inner product on V = R" (see [23]).
In the case of differentiable f, condition (9) amounts to
F) = f) 2 (VfW),x—y) +@(llx - yl) forx,yel (10)

Thus a uniformly convex function with modulus ¢ is H-invex with

H(x,y) =(Vf(y),x =y +o(llx - yll) forx,y el

(vi). c-strongly convex functions.
A function f : I — R defined on a convex set I ¢ V = R" is said to be c-strongly convex on I, where c € Ry,
if the following inequality holds for all points x, y € [ and p € [0, 1]:

flpx + (1= p)y) + 5p(1 = p)li = 4l < pf() + (1 = p)(y), a1
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where || - || = (-,-)/? and (:, -} is the standard inner product on V = R” (see [6, 21]).
For differentiable f, condition (11) becomes

f0) = f) = VW, x =+ Ik =yl forx,y el

(see [6, p. 684]).
Therefore a c-strongly convex function f is H-invex with

c
H(x,y) =(Vfly),x—y) + EHX - y||2 forx,y el

(vii). Superquadratic functions.
A function f : R} — R defined on the convex cone I = R is said to be superquadratic, if for each point
y € R there exists a vector C(y) € R" such that the following condition is fulfilled:

f@) = f(y) 2(C(y), x—y) + flx—yl) forx,yel, (12)

where |z| = (|z1], ..., |zwl|) for z = (z1,...,zy) € R™ = V (see [1]).
It is easy to check that a superquadratic function is H-invex with

H(x,y) =(C(y),x —yy + f(Ix —yl) forx,yel=R}.

For further information on superquadratic functions, consult [1-3, 7].

3. Jensen Like Inequality for H-invex Functions

Unless stated otherwise, V is a real linear space, and I, ] C V are (nonempty) convex sets in V. Addi-
tionally, < is a preorder on J. The assumptions just made shall be in force throughout the paper.
We say that a map @ : [ — | is <-convex if

D(av + (1 — a)w) < ad(®) + (1 — a)P(w) forv,weland a € [0,1]. (13)
Likewise, we say that amap V¥ : | — R is <-increasing if
v<w implies W(v) < W¥(w) forov,we]. (14)

In what follows, the notation (wy, ..., wy) = (v1,...,0,)S for an m X k real matrix S = (s;) and vectors
w1,..., Wk, 01,...,0, € V means that (see [18])

m
= Zsﬂvi forl = 1,...,k.
i=1

In this section we are interested in some results for H-invex functions f : I — R extending the classical
Jensen’s inequality for convex functions (see (4)). Special attention is paid to the case when the control
function H has the property that

the map x — H(x, y), x € I, is convex
for any (or fixed) point y € I.

Theorem 3.1. Let H : | >< I - Rbea contznuousfunctzon Let f : I — R be an H-invex function. Let x; € I and

pi=0,i=1,. mwzchpl—l Denotex—2p1x1
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Then the following Jensen type inequality holds:
F@+ Y piH, ) < Y pif ). (15)
i=1 i=1
If in addition the function H(-,X) is convex on I, then
m
F® +HE ) < Y pif (). (16)
i=1

Proof. Since f : I — R is H-invey, it follows that
f(xi) = f(%) 2 Hx(x;) = H(x;, )

(see (8) in the definition (iv) in Section 2). This implies
Y pifCe) = f® =Y pif) = ) pif®)
i=1 i=1 i=1

= Y plf) = f@1 2 ) piH(x, 9.
i=1 i=1

This completes the proof of (15).
If in addition the function H(-, X) is convex on I, then

Z piH(x;, %) > H [Z pixi, x] = H(%, %). 17)
i=1 i=1
By combining (15) and (17) one gets (16). [ |

Many inequalities of the form (15) and (16) have proved their worth, with f assumed H-invex.
We now interpret Theorem 3.1 for (F, G)-invex functions.

Proposition 3.2. Let F: [ X1 — [Jand G : | X I — R be continuous functions. Let f : I — R be an (F, G)-invex
m m
function. Let x; € land p; > 0,i=1,...,m, with ), p; = 1. Denote ¥ = ), pix;.
i=1 i=1
Then the following Jensen type inequality holds:

F@+ Y piGEE;,R),7) < Y pif(x). (18)
i=1 i=1
If in addition the function F(-,X) is <-convex and G(-,X) is convex and <-increasing, then
F@® + G(F(E,2),%) < ) pif (x).
i=1

Proof. It is now enough to use Theorem 3.1 with H(x, y) = G(F(x, y), y) for x,y € L.

The composition H(-, X¥) = Hz(-) = Gz o Fz(-) is convex, whenever Fx is <-convex and G is convex and
<-increasing.

In fact, the <-convexity of F; means that (see (13))

Fz(av + (1 — a)w) < aFz(v) + (1 — a)Fzx(w) forv,w eland a € [0,1].
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Then the <-increasity of Gz ensures that (see (14))
GiFe(av + (1 — a)w) < Gz (aFz(v) + (1 — a)Fx(w)) forv,weland a € [0,1].
Furthermore, the convexity of Gz on | quarantees that
Gz (aFz(0) + (1 — @)Fz(w)) < aGzFz(v) + (1 — a)GzFz(w) forv,weland a € [0,1].
All of this shows the standard convexity of Hy = G o Fy, as claimed. [ ]

Remark 3.3. In Proposition 3.2, in order to obtain (18), we do not need to assume that G(-, ¥) is <-increasing
provided that the function F(-, X) is affine.

Remind that a subset D C V is said to be a convex cone if v, w € D impliesv+w € D, and if 0 < & € R and
v € Dimply av € D.
If D is a convex cone in V, then the cone preorder <p is defined for v, w € V by

v=<pw iff w—veD.

If V is equipped with a real inner product (-, -), and D is a convex cone in V, then the dual cone of D is
defined as follows:
dualD ={v eV :{(u,v) >0 forallu e D}.

Therefore,
U =quapw iff w—vedualD iff (wu,w—v)>0 forallueD.

The <4ua1p-convexity of a map @ : [ — | means that

D(av + (1 — a)w) Zgquaip aP(@) + (1 — a)P(w) forv,w eland a € [0,1]. (19)
Equivalently,
(u, ®(av + (1 — A)w)) Zquaip au, P(v)) + (1 — a)(u, D(w)) (20)

forv,wel,ae[0,1]and u € D.
A specification of Proposition 3.2 for n-invex functions and V = | = R" is demonstrated below.

Corollary 3.4 (Cf. Craven and Dragomir [13, Proposition 1]). Let n : I X I — R" be a continuous function,
where IcR"isan open convex set. Let f : I — R be an n-invex function. Let x; € land p; > 0,i=1,...,m, with

Z pi = 1. Denote X = Z, piXi.

Then the following ]ensen type inequality holds:
F@ + Y piVF@, e, 1) < ) pif ).
i=1 i=1

IfVf(%) € D, where D is a convex cone in R", and the function n(-, X) is convex with respect to dual D, then

@+ VF@,0E D) < Y pif ().

i=1

Proof. In order to prove Corollary 3.4, it suffices to apply Proposition 3.2 with
F(x/ y) = T](x, ]/) and Gy() = G(l y) = (Vf(y)/ > fOI' xry € I/

and with < being the cone preorder <4y p induced by the dual cone of D.

Indeed, the function F(-, %) = 7(-,X) is convex with respect to dual D, i.e., it is <4yap-convex. Since
Vf(x) € D, the function Gz(-) = (Vf(%),-) is <qualp-increasing. Simultaneously, Gx(-) is linear, so it is also
convex.

In conclusion, the function Hz(:) = Gz o Fz(-) = (Vf(%), n((-), X)) is convex in the standard sense. [ |
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4. Sherman Like Theorem for H-invex Functions
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As previously, V is a real linear space, and I,] C V are convex sets, and < is a preorder on | (unless

otherwise specified).
The following theorem is of fundamental importance.

Theorem 4.1. Let H : I X I — R be a continuous function. Let f : I — R be an H-invex function. Let

x=1,...,xm) €™, y=W1,...,yn) €M, a=(11,...,anm) ERY and b = (by,...,b,) € R].
If
y=xP and a=bP"

for some m X n column stochastic matrix P = (p;;), then

Yo bif)+ Y by Y piHx y) < ) aif (x).
j=1 =1 =l i=1
If in addition for each y € I the function H,(") is convex, then
Z bif(y)) + Z biH(yj, yj) < Z ai f (xi).
j:l j=1 i=1

Proof. Taking into account (21) we get

W1, oo Yn) = (X1, , X0)P,

m m
thatis, y; = ¥ pijx; with ., p;; =1,j=1,...,n,and p;; > 0. So, the H-invexity of f implies
i=1 i=1

fy)j) + ZPin(Xi, yj) < Zpijf(xi) forj=1,2,...,n
P P

(see (15) in Theorem 3.1). Therefore we can write

Y bifty) + Y by Y piHCx,y) < )by Y piif ().
= s j=1 =l

Equivalently, ) ) . o
Z bif(yj)+ ) bj ) piiH(xi,y)) < Z bipijf (x).
=1 =1 = i=1 j=1
It follows from (21) that a = bPT. Hence a; = i bipij,i=1,2,...,m.
In summary, we obtain =
Zf bif(yj) + Z;‘ bj L pijH(xi, yj) < le [Z; bjPij]f(xi) = Z;ﬂif(xi)r
j= =1 = i=1 \ j= i=

which is (22), as required.
To see (23), we observe that the functions Hy/(') are convex. So, foreachj=1,...,n,

H(y; yj) =H [Z PijXis yj] <) piH(x ),
i=1 i=1

(21)

(22)

(23)
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and further . . .
Y biH(y, ) < Y by Y piH ).
=1 =1 =1
This and (22) quarantee that (23) holds, as was to be proved. |
Theorem 4.1 has an immediate consequence for (F, G)-invex functions.

Proposition 4.2. Let F: I X1 — [Jand G : | X I — R be continuous functions. Let f : I — R be an (F, G)-invex
function. Let x = (x1,...,Xn) €™, y=1,...,yn) €', a=(a1,...,ay) € R} and b = (by,...,b,) € R}
Ify = xP and a = bPT for some m x n column stochastic matrix P = (p;;), then

N bif() + Y b Y piGEGe, v, y) < Y aif (e,

j=1 =1 =l i=1

If in addition for each y € I the function F(-) is <-convex and G(-) is convex and <-increasing, then
Y bif)+ Y biGEY;, v, y) < Y aifx).
=1 j=1 i=1

Proof. Clearly, it suffices to use Theorem 4.1 with convex H,(x) = G,(F,(x)) for x,y € I.
In the situation that for each y € I the function F,(-) is <-convex and G,(-) is convex and <-increasing,
each composition H,(-) = G,(F, ("), y € I, is convex. The reason is that the <-convexity of F, gives (see (13))

Fy(av + (1 - a)w) < aF,(v) + (1 - a)F(w) forov,we€landa €[0,1].
Next, the <-increasity of G, implies that (see (14))
GyFy(av + (1 - a)w) < G, (aFy(v) +(1- a)Fy(w)) forv,weland a € [0,1].
The convexity of G, on | leads to
Gy (aFy(0) + (1 - @)F,()) < aGyFy(v) + (1 — 4)G,Fy(w) forv,w e Iand a €[0,1].

Combining the last two inequalities yields the desired standard convexity of Hz = Gz o Fs. |
In the next result we illustrate Proposition 4.2 for n-invex functions. Here ] = V = R".

Corollary 4.3. Let 1 : I xI — R" be a continuous function, where I C R" is an open convex set. Let f : I — R be an
n-invex function. Let x = (x1,...,xy) €I", y=(1,...,yn) €I",a=(a1,...,ay) € Rl and b = (by,...,b,) € R}.
Ify = xP and a = bP” for some m x n column stochastic matrix P = (p;;), then

Y b+ Y 0 Y iV y)) < Y asf).
j=1 =1 i=1 i=1
If V(%) € D, where D is a convex cone in R", and the function 1(-, X) is convex with respect to dual D, then

n n m
Y bif)+ Y bV F) sy S Y aif).
=1 j=1 i=1

Proof. It is evident that an n-function f is (F, G)-invex with

F(X, y) = T](x/ ]/) and G(/ y) = Gy() = (Vf(y)/ > for X, Y €L

Now, it remains to employ Proposition 4.2. u
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5. HLPK Like Theorem for H-invex Functions

We now specialize the results of the previous section to obtain some HLPK like inequalities for H-invex
functions.

Theorem 5.1. Let H : I X I — R be a continuous function. Let f : I — R be an H-invex function. Let
X=(x1,%x0,..., %) €Mandy = (Y1, Y2,...,Yyn) € I".
If y < x, that is, y = xP for some n X n doubly stochastic matrix P = (p;;), then

Zf (v +ZZp1]H(x,,y])<fo,
j=1 i=1

If in addition for each y € I the function H,(-) is convex, then

Y )+ Y H < Y e
=1 j=1 i=1

Proof. It is sufficient to apply Theorem 4.1 form =nanda=b =(1,...,1) e R". |
Below we have a counterpart of the previous result for (F, G)-invex functions.

Proposition 5.2. Let F: [ X1 — [Jand G : | X I — R be continuous functions. Let f : I — R be an (F, G)-invex
function. Let x = (x1,...,x,) € ["andy = (y1,...,yn) € I".
Ify < x, that is, y = xP for some n X n doubly stochastic matrix P = (p;j), then

Zf(yj) + Z ZPUG(F(X,, y]) y]) < Zf(xz
j=1 i=1

If in addition for each y € I the function F(-) is <-convex and G,(-) is convex and <-increasing, then

Y Fu)+ Y GEw; v, v) < ) f).
j=1 j=1 i=1

Proof. It is enough to utilize Proposition 4.2 form =nanda=b =(1,...,1) e R". ]
We are now ready to give a version of Proposition 5.2 for n-invex funct1ons.

Corollary 5.3. Let n: I x I — R" be a continuous function, where I C R" is an open convex set. Let f : I — R be
an n-invex function. Let x = (x1,...,x,) € ["andy = (y1,...,yn) € I".
Ify <x, that is, y = xP for some n X n doubly stochastic matrix P = (p;;), then

Z fly) + Z Z PV F () (i, yj)) < 2 fx).
j=1 i=1
IfVf(%) € D, where D is a convex cone in R", and the function 1(-, X) is convex with respect to dual D, then
Zf(y;) + Z(Vf(y]) 1y, yp) < Zf(x )-
j=1

Proof. Making use of Corollary 4.3 withm =nanda=b =(1,...,1) € R" yields the desired inequalities. ®
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6. Applications for Uniformly Convex Functions

In this section we utilize the previous results for uniformly convex functions with modulus ¢ : R, — R,.
By recalling the definition (v) in Section 2, we see that each uniformly convex function f with modulus ¢
is H-invex for

Hx,y) =Vfy),x -y +e(lx—yll) forx,yel (24)

with a convexsetI ¢ V =R".
Therefore we can state the following.

Proposition 6.1. Let f : [ — R be a differentiable umformly convex function with convex modulus . Let x; € |
andp; 20,i=1,.. mwzchp,—l Denotex—Zplx,

i=1
Then the following Jensen type inequality holds:

() + Z pip(li = ) < i pif(x). (25)
i=1 i=1
If in addition the modulus @ is convex and increasing, then
f®@) +¢0) < Zn: pif(x;). (26)
i=1
Proof. Because of (24) and Theorem 3.1 the following holds:
f@+ i pi (Vf(x), xi — 2) + p(|lxi — ) < i pif (xi). (27)
i=1 i=1
However,
fmw(@, xi— %) = <Vf(y),ipi<xf - 1) (28)
i=1 i=1

- <Vf(y),szxl Z pi®) = (Vf(y), - 9) = 0.

i=1
So, it follows from (27) and (28) that

F@+ Y piplli =) < Y pif ),
i=1 i=1

which proves (25).
If ¢ is convex and increasing, then it is not hard to check that

P(0) = <p[|| Y pitxi - fc>||] < @[Z pillx; - xn] < Y pip(lix; = =), (29)
i=1 i=1 i=1

So, the usage of (25) and (29) leads to (26), as desired. [ |

Note that inequalities (25)-(26) are refinements of the standard Jensen’s inequality for uniformly convex
functions, since their moduli are nonnegative.

A version of Sherman type inequality for uniformly convex functions is incorporated in the next theorem.
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Theorem 6.2. Let f : [ — Rbeadifferentiable uniformly convex function with modulus . Letx = (x1,..., %) € I",
y=Wi,...,yn) €M, a=(a1,...,an) ERY and b = (by,...,b,) e R}
If
y=xP and a=bP’ (30)

for some m X n column stochastic matrix P = (p;;), then

Y b+ Y 0 Y piiellc -yl < Y aif (). (31)
j=1 j=1 =l i=1

If in addition the modulus @ is convex and increasing, then
n n m
Y bif() + e Y b < Y aif(x). (32)
j=1 j=1 1

i=

Proof. Similarly as in the proof of Proposition 6.1, we see that f is H-invex with H(x, y) given by (24).
Accordingly, we have

Y piHGy) = Y pi (V@))% = v + (i = y50)
= =

m

=Y PikVA) -y + Y piedl = il (33)
j i=1

i=1
=(V£f(y)), Z pijXi — Z pijy;) + Z piie(lxi = yjll).
P im1 p

Thanks to (30) we get
W1, Yn) = (X1, o, X)P
for some m X n column stochastic matrix P = (p;;), Equivalently,

yi= Zpi]‘x,' forj=1,...,n.
i=1
This implies
Vi), Z pijXi — Z pijyp) = Vi) yi—yp =0,
i=1 i=1
since )’ pij = 1.
i=1
For this reason (33) gives

Y ity = Y piplin - yil).
i=1 i=1

Therefore inequality (31) is fulfilled by Theorem 4.1.
If ¢ is convex and increasing, then it is not hard to check that

9(0) = qo(n Y pijtxi - y]-)u] < <p[2 il - yjn] <Y piedli = . (34)
i=1 i=1 i=1

Now, it is a consequence of (31) and (34) that (32) is satisfied. [ |
The standard Sherman’s inequality (see Theorem B in Section 1) is refined by inequalities (31)-(32) for
uniformly convex functions.
We provide the following corollary for uniformly convex functions.
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Corollary 6.3. Let f : I — R be a differentiable uniformly convex function with modulus . Let x = (x1,...,%,) € I"

andy = (y1,...,Yyn) € I".
If y < x, that is, y = xP for some n X n doubly stochastic matrix P = (p;;), then

Z flyp)+ Z Z pij(ll; = i) < Z fx), (35)
j=1 i=1
If in addition the modulus ¢ is convex and increasing, then
Z ) +ng(0) < Z flx).
j=1
Proof. Apply Theorem 6.2 form =nanda=b =(1,...,1) e R". |

Let f be a c-strongly convex function. Then f is an uniformly convex function with modulus ¢(f) = §2.
Therefore it is obvious that inequalities (25), (31) and (35) take the following form, respectively,

f@)+ % i pillxi = 2lI* < i pif(xi),
-1 pc
i bif(y;) + % Zn: bj i piillxi = yjl* < i aif (xi),
=1 = i=1
Y fly)+ § Zpl,nx, ~ylP < Zf(x,
= '

7. Applications for Superquadratic Functions
Recall that a superquadratic function f : R} — Ron I = R is H-invex for
H(x,y) = (C),x=y) + flx —yl) forx,yel (36)
(see (12)).

Proposition 7.1 (Cf [1, Theorem 1]). Let f: RY — R be superquadratic on I = RY'. Let x; € I and p; > 0,
i=1,...,m, with Z pi = 1. Denote ¥ = Z piXi.
Then the followzng Jensen type mequalzty holds:

F@+ Y pif(i—2) < ) pif (), (37)
i=1 i=1
If in addition the function f is convex on I, then
f(x) +f(z pilxi —fl] < Zpif(xi)~ (38)
i=1 i=1

Proof. Since f is H-invex function with H defined by (36), we find that

H(x;, %) = (C(%), x; — &) + f(lx; — %]).



M. Niezgoda / Filomat 31:15 (2017), 4781-4794 4793

So we can write

Y piHG, D) = ) pUCE,xi =2 + ) pif (i - )
i=1 i=1 i=1

=(C@), Y pxi— 1)+ Y pif(i—2) = Y pifbxi - ).
i=1 i=1 i=1

Thus we obtain
Y piH(xi, %) = Y pif (i - 2.
i=1 i=1

Now, the required inequality (37) is due to (15) in Theorem 3.1.

If f is convex then (37) forces (38) via the standard Jensen inequality for f. ]

It follows from (37) that nonnegative superquadratic functions must be convex. This is in accordance
with [3, Lemma 2.1]. In this case, statements (37)-(38) are refinements of the standard Jensen’s inequality
for convex functions.

We are now in a position to state a Sherman like inequality for superquadratic functions.

Theorem 7.2. Let f : RY — R be superquadraticon I = RY. Let x = (x1,...,Xm) € I", vy = (y1,...,yu) € I",
a=(ay,...,am) R andb = (by,...,b,) e R}
Ify = xP and a = bPT for some m x n column stochastic matrix P = (p;;), then

N bif )+ Y0 Y pife -y < Y aif). (39)
j=1 =1 =l i=1
If in addition the function f is convex, then

bef(l/]HZb]f{ZPqul y]] Z aif (x). (40)

Proof. In light of the remark at the beginning of this section we find that f : I — R is H-invex with H given
by (36). Hence, by a similar proof to that of Proposition 7.1, we obtain

Y PG, y) = ) piif (i = ). (41)
i=1 i=1
By making use of (41) and Theorem 4.1, eq. (22), we establish (39) and (40), completing the proof. |

A HLPK type result for superquadratic functions is as follows.

Corollary 7.3. Let f : R} — R be superquadraticon I =R} Let x = (x1,...,x,) € " andy = (y1,...,yn) € I".
If y <x, that is, y = xP for some n X n doubly stochastic matrix P = (p;;), then

Zf(]/])"‘ZZqu |x; — y]|)<2f(x1 (42)

j=1 i=1

If in addition the function f is convex, then

Zn:f(]/j) +if[ipij|xi —]/j|] < if(xi)- (43)
j=1 j=1 i=1 i=1
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Proof. In order to prove the required inequalities, it is sufficient to appeal to Theorem 7.2 with m = n and
a=b=(,...,1)eR". [ |
We conclude this section with the observation that if f is nonnegative superquadratic (and therefore,
convex) then statements (39)-(40) and (42)-(43) are refinements of the standard Sherman’s and HLPK’s
inequalities, respectively (see Theorem B and Theorem A in Section 1).
Acknowledgements: The author would like to thank an anonymous referee for his/her valuable com-
ments and suggestions improving the previous version of the manuscript.
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